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Proc main ()

Assume there are n data elements (i1,...,in) and
g unit blocks (UBA,...,UBg) in the dataset,
and the number of clusters is k. (Ch,...,Cr),

such that !e{ 1...11} ) ]G{ 1...k} , ae{ 1-...g}

/* Select initial k centroids (W1,...,Wk) from the
original dataset */
Wi=i
/* Partition the dataset into several unit blocks */
partition_dataset (original dataset)

/% Calculate centroids for simplified dataset */
W =Calcu_Cen_for_Simp_Dataset()

/* Calculate final centroids */
repeat

foreach CUBa
if UBa is on the boundary then
foreach @1€ UBa
find the nearest centroid Pj from k .
centroids to which {/Ba belong.
assign it o Pj

update the centroid’s statistics
else

find the nearest centroid  Pj
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assign LSUB, and WUBa to FPj
update the centroid’s statistics
end if

Compute the error function
E= lcuBo-wi'+ ¥ |i-wi
j=1\ (CUBa»BUNB ) Cj (ir~BUB ) Cj

until E does not change significandy.
End main

Figure 4 : BFEEENERER

Proc partition_dataset (original dataset)
for each dimension Dm of the dataset
/* find the range for dimension Dm */
Range_Max[m] = the maximum value of

dimension Dm

Range_Min[m] = the minimum value of dimension
D

/* calculate the number of segments it would
partition for dimension Dm */

1* Num_of_Split[m] is the number of splits for
dimension Dm */

Num_of_Seglm] = (Range_Max[m] -
Range_Min[m]) | Num_of_Split[m]

for each data element i1
/¥ calculate the UB that data element #1 belongs
to */
for each dimension Dm of i1, named #1[m]

Point_in_Dim[m) = (it[m) - Range_Min[m}) /

Num_of_Seglm]

/* Use the value of Point_in_Dim[m] to calculate
the /Ba that i1 belongs to, named UB_Location of
it * '

/* calculate LSUB and  WUB for each UBa #

UB_process (i1, UB_Location)

/* compute CUB: Centroid of Unit Block
*/
LSUB.

WUB.
End partition_dataset

CUB.a=

Figure 5 © 7> EERIEE

Proc Calcu_Cen_for_Simp_Dataset ()
/* Calculate centroids */
repeat

foreach CUBu
find the nearest centroid P;

assign LSUB,and WUB. to Pj
update the centroid’s statistics

Compute the error function

E= [ Z[CUBa—WjF}
j=1{ (CUB-BUNB XC;
until E does not change significantly.
End Calcu_Cen_for_Simp_Dataset
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