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Algorithm Apriori
1. Li={Large-1-itemsets}
2. for(k=2;Lk-1# ¢ ;k++) do begin

3 Ci=apriori-gen(Lk-1)

4 for all transactions te D do begin
5. Cr=subset(Ck,t)

6 forall candidates ce Ctdo

7 c.count++

8. end

9. Lk={ce Ck| c.count=minsup}

10. end
11. Answer=Uxk Lk
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apriori-gen

1. insert into Ck

2. select p.iteml1, p.item2, ..
q.itemk-1

3. from Lk-1 p, Lk-1 q

4. where p.iteml=q.iteml, ...,
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p.itemk-1<q.itemk-1
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1. Subset_collection=¢

2. For each ¢ in Ck

3. If ¢ is subset of t

4. Subset_collection=
Subset_collectionUc

5. Return Subset collection
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1. Support({x, y})<ts
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(a) Support({x} UM)=tr,
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B oall: all [193341]

B & [30:0008150 ; biclogical_process [141336]
B & G0:0022610 : biological adhesion [1751]
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@ GO:0051825 @ adhesion to other organism during symbiotic interaction [89]
E @ GO:0044406 ¢ adhesion to host [89]
E & GO002003% @ cytoadherence to microvasculature, medigted by parasite protein [55]
E & GO0024401 @ multi-zpecles blofilm forration in or on host organism [07
B 0 GO00add40? : single-species biofilm formation in or on hosk organism [0]
E & SO00052001 @ Type IV pili-dependent localized adherence to host [0]
E © G2:0051856 ¢ adhesion to symbiont (0]
O G0 0007155 ¢ cell adhesion [1714]
& 300022608 @ multdceliular organism adhesion [14]
G:O0sE007 | biological regulation [20447]
GO:000L906 ¢ cell kiling [137]
GO:0009987 | celular process [71859]
GOO03Z80Z  developmental process [17461]
GO005L234 ¢ establishment of localization [1352%]
GO:0040007 ¢ growth [35380]
GROO0Z376 | immune sysktem process [2395]
GO:0051179 : localizaton [16080]
G:O040011 § locormation [S24)

®l 1. Gene Ontology 7 1

@ all ; all [193341]
Bl & G0:0008150 : biological_process [141336]
E @ GO:0088007 ¢ biological requlation [20447]
0 GO 0050782 @ regulation of biclogical process [18611]
O GO:0050794 @ regulation of cellular process [14862]
0 GO:0051726 | regulation of cell cycle [1795]
H & G0:0000074 : regulatizn of progression through cell cycle [1768]
© G0:0019055 : modification by virus of host cell cycle requlation [1]
GO0009907 ¢ callular process [7105%]
EH @ Go0007042 ; cell cycle [3442]
B G0:0022402 : cell cycle process [3263]
B 0 GO0051726 ¢ regulation of cell cycle [1795]
@ G0:0000074 @ regulation of progression through cell cycle [1768]
0 GO:0019055 : modification by virus of host cell cycle regulation [1]
[ & GO0022402 : cell cycle process [3263]
B @ G0:0051726 : regulation of call cyde [1795]
E 0 GO:ooo0074 : regulation of progression through cell cycle [1788]
[ @ G0:0019055 : modification by virus of host cell cycle regulation [1]
B GO 0050734 : regulation of celular process [14862]
0 GO:0051726 : regulation of cell cyde [17395]
E @ GOo000074 : regulation of progression through cell cycle [1788]
E & GO0019055 @ modification by virus of host cell cycle regulation [1]
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Gene 01 |Gene 02 |Gene 03 |Gene 04 Gene 05
Condition 1 -0.212 0045 0023 0014 0.336
Condition 2 0.002 -0.077 0224 0.016 0.07
Condition 3 0034 025 00ls 0081 0235
Condition 4 0.085 0054 0033 0223 -0.048
Condition 5 0063 0033 -0.06 0.016 0067

Gene 01 |Gene 02 |Gene 03 |Gene 04 | Gene 05
Condition 1 p
Condition 2 Up
Condition 3
Condition 4 Up
Condition 5
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1. Extract the large itemsets, L1, Lo, - Ly,
using standard mining algorithms.

2. P=0

3. for k=2tondo

4. Cig1 + join(Ly, L)

5. for each (a,b, M) € Ciy1 do

6. if (sup({a,b}) <t. and d({a}, M) > t4

and d({b}, M) > t4

7, P=PU/(a,b,M)

8. end

9. end
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Biological Process

ZAERN

Biological regulation growth
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Y

cell growth
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Biological Process
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Biological regulation growth
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Y

cell growth
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