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Due to the dramatic growth of network and
multimedia technology, people can more easily
get variant information by using the Internet.
Unfortunately, it also makes the diffusion of
illegal and harmful content much easier. So we
propose using support vector machines for
pornography classification. In the observation,
finding pornographies has a large number of skin
regions, then using the color component of HSV
to separate into some bins. The HSV
characteristic value will input to support vector
machine to training. A suitable support vector
machine kernel is selected through continuous
experiments. The kernel will classify all the
testing data. Our method can effectively detect
pornography, and it has special contribution
about harmful information prevention.
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